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Abstract:
With the increasing complexity of financial environments, 
traditional risk management methods face significant 
challenges in dealing with unstructured data and 
integrating fluctuating data. This paper studies financial 
risk management under big data through an analysis of 
Ping An Bank’s case, focusing on the application aspects, 
advantages, and impacts of big data technologies. By 
leveraging big data for risk management, Ping An Bank has 
increased loan volume and improved customer satisfaction. 
This study demonstrates that big data is critical to financial 
risk management, enhancing precision, decision-making 
efficiency, and enabling real-time and intelligent risk 
control. It also provides guidance for risk management in 
related enterprises.

Keywords: Big data, Financial risk management, Risk 
prediction, Real-time monitoring, Data-driven

1.Introduction
The contemporary financial environment is charac-
terized by escalating complexity, shaped by dynamic 
policy evolution, adjustments in monetary policies 
across economies, intensifying competition among 
nations and enterprises, and intricate market vol-
atilities. These factors, combined with credit risks 
arising from interactions between businesses and 
individuals, have introduced substantial uncertainties 
to the financial market.Conversely, the advent of big 
data has emerged as a transformative variable, driven 
by advancements in data processing accuracy, com-
prehensiveness, and velocity—capabilities that are 
fundamentally reshaping the financial industry. This 
paper examines whether the application of big data 

technologies to financial data processing and risk 
management can enhance enterprises’ adaptability to 
this volatile and intricate financial landscape.
Theoretical Contributions: This research enriches the 
existing body of knowledge by exploring risk man-
agement methodologies under the big data paradigm. 
It aims to: Establish a theoretical framework for 
data-driven risk management, integrating advanced 
analytical techniques with financial principles.
Facilitate the application of big data technologies 
in finance, overcoming limitations inherent in tradi-
tional risk control approaches. Drive digital transfor-
mation within the financial sector by serving as an 
engine for breaking through conventional risk man-
agement bottlenecks.
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Practical Implications: This research enhances the finan-
cial industry’s risk management capabilities by enabling: 
Real-time data processing, accelerating risk detection 
from traditional hour-long latency to millisecond-level or 
faster breakthroughs. Proactive risk governance, shifting 
from reactive responses to predictive strategies that antic-
ipate market turbulence. Operational resilience, equipping 
financial institutions with adaptive tools to thrive in dy-
namically changing and highly uncertain environments.
BY fostering these capabilities, the study contributes to: A 
paradigm shift in risk management practices, leveraging 
advanced analytics for actionable insights. Sustainable 
growth of financial enterprises amid regulatory changes, 
competitive pressures, and market volatilities.
2. Literature Review

2.1 Domestic Research Status
Domestic studies in this field are rich in content, with a 
focus on application scenario innovation, policy synergy, 
and policy-driven implementation of big data financial 
risk control. Through research, they illustrate the impact 
of big data on financial risk management, emphasizing 
the implementation and application of technology, and 
primarily focusing on the technological upgrading of fi-
nancial risk management to enable big data application in 
financial enterprises to address the ever-changing market 
environment. In China, there are also studies on the role 
of big data in financial risk management. For example:
In 2023, Feng Ruiji [1] centered on financial risk man-
agement in the big data environment, conducting in-depth 
research on how big data technology can process and ana-
lyze massive amounts of information and data to summa-
rize general patterns and predict risks.
In 2024, Wang Tian [2] explored the application of big 
data in financial risk prediction and management, argu-
ing that dynamic prediction and management of financial 
risks based on big data technology have become a critical 
path to reduce investment losses and ensure stable market 
operation.
In the same year, Zhang Lihua [3] conducted practical 
explorations on the application of big data in financial 
prediction and management, proposing practical strategies 
and policy recommendations to improve the accuracy of 

risk prediction, provide scientific decision-making support 
for financial institutions, and effectively manage and pre-
vent risks.
Li Qinghua [4] studied the mechanism of big data-driven 
financial risk prediction, focusing on personalized risk 
assessment and real-time monitoring and early warning, 
analyzing the impact of technology on risk management. 
Additionally, he proposed integrated regulatory approach-
es for credit risk and account risk using big data, offering 
solutions with both theoretical depth and practical value 
for financial institutions.

2.2 Foreign Research Status
Foreign studies on the application of big data in financial 
risk control emerged earlier than domestic ones, placing 
greater emphasis on fundamental algorithm innovation, 
interdisciplinary breakthroughs, and theoretically complex 
frameworks. They focus on technological integration and 
upgrading, developing regulatory systems for data analy-
sis and supervision, as well as researching emerging risks 
such as cryptocurrency liquidity quantification. However, 
they also demonstrate through research that big data has a 
significant impact on financial risk management. Foreign 
scholars have also conducted relevant studies. For exam-
ple:
In 2024, Haowei Yang, Zhen Cheng, et al. [5] investigated 
the feasibility and effectiveness of using deep learning and 
big data algorithms for financial risk behavior prediction. 
Their experiments showed a significant improvement in 
prediction accuracy, providing valuable support for risk 
management in financial institutions.
Jing An [6] explored the direct relationship between fi-
nancial technology and digital financial risk management, 
combining intelligent data processing methods to establish 
a hypernetwork model. Through experiments, he proposed 
the importance of applying big data in the financial sector.
In 2023, Cornwell Nikki, Bilson Christopher, et al. [7] 
conducted a preregistered study, suggesting that data-driv-
en causal factor analysis can modernize operational risk 
management in financial institutions. Big data is expected 
to play a strategic role in helping organizations design 
intentional and targeted controls and monitoring for oper-
ational risks.
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Zhang Yuanfang [8] constructed a financial market risk 
prediction system based on a computer data simulator 
and Markov Chain Monte Carlo algorithm. Experiments 
showed that the system can synchronously o predict major 
inflection points in most economic risks and identify com-
panies at risk, contributing to financial enterprises.

2.3 Research Objectives and Methods

2.3.1 Research Objectives

To explore the current application status of big data tech-
nology in the field of financial risk and its impact on fi-
nancial risk control, summarize the influence of big data 
on financial risks, and conduct research on future trends.

2.3.2 Research Methods

Literature Review Method: Reviewing domestic and for-
eign literature to synthesize existing knowledge.
Case Study Method: Analyzing practical examples such as 
anti-fraud systems in banks, supply chain financial risk as-
sessment, Ant Group’s Sesame Credit evaluation, dynam-
ic pricing and risk prediction in insurance, and mortgage 
loan risk monitoring.
Comparative Analysis: Conducting case-based compari-
sons, such as Ping An Bank’s consumer loan risk manage-
ment.
3.Basic Theories of Big Data and Financial Risk Manage-
ment

3.1 Concept of Big Data
Big data refers to a massive, high-growth, and diverse 
data set that is stored, processed, and analyzed using ad-
vanced technologies. Key characteristics include:
Large volume: Extremely large data size.
High velocity: Real-time data generation and rapid collec-
tion.
Variety: Multiple data types, including tables, text, imag-
es, etc.

3.2 Concept of Financial Risk Management
The process of identifying, assessing, monitoring, and 
responding to potential risks in financial markets, with the 
primary goal of minimizing losses and ensuring stable op-
erations.
4.Types of Financial Risks and Applications of Big Data 

in Finance

4.1 Types of Financial Risks

4.1.1 Market Risk

Risks arising from adverse fluctuations in market prices, 
including:
Interest rate risk: Impact of interest rate changes on bonds, 
etc.
Exchange rate risk: Influence of currency fluctuations on 
corporate foreign debt, overseas assets, etc.
Stock price volatility risk: Effects of stock market fluctua-
tions on financial investments.
Commodity price risk: Impact of price changes in com-
modities (e.g., oil, gold) on corporate profits.

4.1.2 Credit Risk

Losses incurred due to counterparties’ failure to fulfill 
contractual obligations, such as defaults on bank loans or 
credit loans to small and micro enterprises.

4.1.3 Operational Risk

Preventable losses caused by internal process deficiencies, 
human errors, or system failures.

4.1.4 Reputation Risk

Negative impacts on business operations and stock prices 
due to loss of public trust resulting from adverse events.

4.1.5 Country Risk

Risks stemming from inter-state wars, policy changes, or 
other macro-level events that affect enterprises.

4.2 Applications of Big Data in Financial Ser-
vices

4.2.1 Banking Sector

Big data enables banks to integrate traditional financial 
data with unstructured data (e.g., e-commerce transac-
tions, social behavior) to construct more accurate user pro-
filing, providing tailored services to customers. Real-time 
analysis of bank transaction records identifies anomalies 
such as money laundering and fraudulent transactions, 
enhancing risk control and profitability while improving 
service quality. For example:
WeBank’s “Microloan” utilizes WeChat’s social data to 
assist small and micro enterprises in making loan deci-
sions.
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PayPal employs machine learning models to analyze 
thousands of transactions per second for detecting money 
laundering.

4.2.2 Lending Sector

In lending, big data evaluates loan amounts and repay-
ment capabilities by analyzing tax data, supply chain lo-
gistics records, and POS transaction records of borrowing 
enterprises. For individuals, analysis of transaction histo-
ries and spending habits supports services like credit loans 
and mortgage loans, reducing risks from improper lending 
and enhancing risk management capabilities. A notable 
example is MYbank’s “3-1-0 model”, which offers small 
credit loans to Taobao merchants based on their operation-
al data: 3 minutes to apply, 1 minute to disburse loans, 0 
human intervention.

4.2.3 Insurance Sector

Insurance companies can dynamically adjust premiums 
for customers by integrating health data, driving behavior, 
environmental data, etc. This not only provides personal-
ized pricing but also enhances revenue for insurers. For 
example:
Ping An Insurance’s car owner loan uses On-Board Diag-
nostics (OBD) devices to monitor hard braking and speed-
ing behavior, offering lower premiums to drivers with safe 
habits.

4.2.4 Investment Selection and Asset Management

Big data aids investment decisions by analyzing news 
sentiment, social media data, etc., and constructs person-
alized portfolios based on users’ income expectations or 
risk preferences. Notable examples include:
BlackRock’s Aladdin platform, which integrates over 
100,000 datasets and processes real-time market informa-
tion daily to provide dynamic risk management recom-
mendations for institutions.
5.Differences Between Big Data-Driven Financial Risk 
Management and Traditional Risk Management
Big data-driven financial risk management differs signifi-
cantly from traditional approaches:

5.1 Data Types
Traditional: Relies on structured data (financial state-
ments, historical transaction records, macroeconomic in-

dicators).
Big Data: Integrates structured and unstructured data (so-
cial media sentiment, satellite imagery, etc.).
Technologies
Traditional: Utilizes statistical methods, linear models, 
and expert experience.
Big Data: Employs advanced techniques like deep learn-
ing, complex network analysis, and machine learning.
Cost Structure
Higher reliance on manual labor and traditional statistical 
software.Requires specialized personnel and significant 
technical investments (e.g., cloud storage, high-perfor-
mance computing).
6.Advantages and Impact of Big Data on Financial Risk 
Management

6.1 Advantages

6.1.1 Technology-Integrated Intelligent Risk Control – 
Enhanced Intelligence and Cost Reduction

The integration of big data with technologies like AI and 
blockchain has spawned intelligent risk control, which 
not only automates risk management processes (reducing 
reliance on real-time human intervention) but also lowers 
costs and improves risk management effectiveness. For 
example:
Ant Group’s Risk Control Brain combines big data and 
AI/machine learning to automatically identify complex 
risk patterns and trigger responses, significantly improv-
ing risk interception rates.

6.1.2 Real-Time and Proactive Risk Management

Big data technology enables real-time data processing 
and transaction monitoring, allowing systems to detect 
fraudulent transactions or market anomalies within milli-
second-level response times and predict risks for proac-
tive intervention. Algorithms analyze market sentiment 
data to anticipate “black swan” events. Prior to Brexit, for 
instance, algorithms detected surging negative sentiment 
on social media and enabled pre-emptive strategies to mit-
igate post-result economic losses.

6.1.3 Precise Risk Identification

Unlike traditional methods relying on empirical judg-
ments or sampled data, big data provides comprehensive 

4



Dean&Francis
ISSN 2959-6130

coverage of risk factors through holistic data collection, 
leading to more accurate risk predictions.

6.1.4 Shift from Group-Based to Individual-Level 
Granular Analysis

Big data transforms risk analysis from aggregated cus-
tomer segments to individualized profiling. By leveraging 
customer portraits and transaction behavior analytics, 
financial institutions can customize solutions for diverse 
clients. This is particularly impactful in small and micro 
enterprise lending, where data analysis of users’ historical 
transactions enables precise determination of loan eligibil-
ity and amounts.

6.2 Impact
Big data has transformed risk management from experi-
ence-driven to data-driven, shifting from reactive respons-
es to early warning and real-time intervention. Continuous 
advancements in big data processing technologies, faster 
data handling speeds, and enriched databases enable more 
precise financial risk assessments, dynamic monitoring of 
market uncertainties, and millisecond-level real-time risk 
management. However, the rapid development of big data 
also presents new challenges for the financial industry.

7. Specific Applications of Big Data 
Technology in Financial Risk Manage-
ment – Case Studies

7.1 Ping An Bank’s Big Data Transformation in 
Consumer Loan Risk Management
As a leading commercial bank in China, Ping An Bank 
faced challenges in adopting big data technology, particu-
larly in its consumer loan business. Initially:
Manual-Driven Processes: Risk management relied on 
manual underwriting, leading to lengthy approval cycles 
(3-5 days).
Limited Data Sources: Dependence on traditional struc-
tured data (PBOC credit reports, income certificates) 
restricted coverage to prime customers with established 
credit histories, limiting revenue growth.
Fraud Vulnerabilities: Manual reviews struggled to detect 
forged documents or relationship-based manipulation, in-
troducing subjectivity and risks.

In 2019, Ping An Bank launched the “Ping An Smart 
Loan” big data risk control system, integrating internal 
and external data and deploying machine learning models 
to risk management upgrading:
Comprehensive Data Integration: Merged structured and 
unstructured data (beyond manual collection capabilities) 
to expand customer profiling.
Advanced Algorithms: Utilized deep learning and random 
forest algorithms to enable dynamic risk management, 
improving fraud detection accuracy and reducing non-per-
forming loan (NPL) ratios. By 2021, the system intercept-
ed 12,000 cases of organized fraud.
Process Automation: Automated approval workflows re-
duced manual intervention, shifting from in-person bank 
visits to fully digital applications via mobile apps.
Outcomes:
In 2022, consumer loan disbursements increased by 180% 
year-on-year.
The NPL ratio dropped to 0.7%, while the customer com-
plaint rate decreased by 60%.
This transformation demonstrates how big data enhances 
both risk management effectiveness and revenue genera-
tion while improving customer experiences.

7.2 Recommendations
Based on the case study of Ping An Bank, the following 
recommendations are proposed for the financial industry:

7.2.1 Building a Multi-Source Data-Fused Intelligent 
Risk Control Middle Platform

(1) Data Integration and Governance
Cross-Source Data Aggregation: Integrate internal and 
external data, including traditional credit data and un-
structured data (e.g., telecom operator data, e-commerce 
transaction records, social behavior data) to construct 
360-degree customer portraits. For example, Ping An 
Bank aggregated over 1,000+ dimensions of data covering 
consumption habits, geographic locations, and device fin-
gerprinting.
Privacy-Preserving Computing: Apply federated learning 
and secure multi-party computation to enable cross-insti-
tutional data collaboration while protecting privacy.
Data Quality Monitoring: Establish data cleaning and val-
idation rules to ensure accuracy, enhancing the precision 
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of risk control.
(2) Model Iteration and Algorithm Upgrading
Machine Learning Models: Deploy advanced algorithms 
(e.g., logistic regression, random forest, deep learning) to 
improve risk prediction accuracy.
Dynamic Policy Engine: Adjust risk control strategies in 
real-time using live data. Ping An Bank’s intelligent credit 
review system employs Optical Character Recognition 
(OCR) to automatically detect contract risks and combines 
semantic analysis for real-time monitoring of customer 
service interactions.
Industry-Specific Customization: Design differentiated 
models for various sectors to adapt to market-specific 
risks.

7.2.2 Building a Full-Process Automated Risk Control 
System

(1) Pre-Loan Intelligent Approval Automation
Standardized Threshold Setting: Automate eligibility 
criteria (e.g., age, income) to rapidly filter non-target cus-
tomers and streamline initial screening.
Intelligent Anti-Fraud: Utilize graph databases and anom-
aly detection algorithms to identify organized fraud rings, 
minimizing losses (which indirectly boosts profitability).
Real-Time Credit Evaluation: Adjust credit limits dynam-
ically based on customer behavior data. Ping An Bank 
achieves “customized credit lines for each individual” 
through real-time transaction monitoring.
(2) Post-Loan Dynamic Monitoring
Real-Time Alert Mechanisms: Set transaction amount/fre-
quency thresholds and monitor fund flows in real-time to 
detect illegal or suspicious transfers, triggering immediate 
alerts.
Capital Flow Tracking: Employ blockchain technology 
to ensure compliance with fund usage. Platforms like 
ChainGPT integrate anti-money laundering tools to screen 
high-risk addresses in real time.
Customer Behavior Analysis: Use Natural Language Pro-
cessing (NLP) to analyze public sentiment and predict 
repayment capabilities. For example, public sentiment 
monitoring systems can identify negative news about cus-
tomers and initiate pre-emptive risk mitigation.
(3)Post-Loan Intelligent Management
Smart Debt Collection: Automatically match collection 

strategies via AI outbound call systems to ensure timely 
follow-ups and reduce costs. Ping An Bank’s post-loan 
management platform achieves automated processing of 
tens of millions of transactions with the industry’s lowest 
complaint rate.
Risk Classification and Mitigation: Dynamically adjust 
risk levels based on customer repayment behavior. For ex-
ample, Zhongyuan Consumer Finance implements tiered 
risk management through its “ladder variable processing 
platform” to deliver tailored services.
Loss Prediction and Compensation: Develop bad debt pre-
diction models to forecast potential losses and pre-emp-
tively address risks. Risk cost management should span 
strategic, technological, and pricing dimensions for 
full-cycle cost control.
8.Development Trends and Implications
Compared to traditional methods, big data-driven financial 
risk management overcomes limitations such as restricted 
user assessment, lagged responses to economic cycles/
market trends, and static analysis. Big data transforms risk 
prediction from experience-based to data-driven, enabling 
real-time, granular, and dynamic insights. As data grows 
richer and algorithms advance, enterprises face new chal-
lenges that require cross-industry collaboration.
Future risk control will rely on:
Cross-Industry Data Sharing Ecosystems: breaking Silos 
to Leverage Multi-Source Data.Collaborative Risk Man-
agement Frameworks: building Industry-Wide Collective 
Defense Systems to Address Emerging Risks Collectively.
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